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ABSTRACT

The Jennex and Olfman KM success model was first published at HICSS in 2004
and in the International Journal of Knowledge Management in 2006. Additionally,
itwas independently verified by Kundapur and Rodrigues, Srivastava and Joshi, and
Wang and Yang. Since then there has been many technology changes and innovations
as well as further research on KM success. This chapter re-examines the Jennex
Olfman model and suggests a newer model that incorporates the past 10 years of
research, innovation in organizational structure, and technology innovation.

INTRODUCTION

TheJennex Olfman (2006) KM Success Model is aknowledge management explication
of the widely accepted DeLLone and McLean (2003) IS Success Model. DeL.one and
McLean (2003) was used as it was able to be modified to fit the observations and
data collected in a longitudinal study of Organizational Memory, OM, and KM, it
fit success factors found in the KM literature, and the resulting KM Success Model
was useful in predicting success when applied to the design and implementation of
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a KM initiative and/or a KMS. Additionally, the stated purpose of the DeL.one and
McLean IS Success Model (1992, 2003) is to be a generalized framework describing
success dimensions that researchers can adapt and define specific contexts of success.
The Jennex Olfman KM Success Model (2006) has been used to guide design of KM
systems/initiatives, assess KM systems/initiatives, and to help determine readiness
of an organization to do KM. Additionally, Cham, et al. (2016) and Kulkarni, et al.
(2007) found support for using the Del.one and McLean (2003) model for assessing
KM success while Kundapur and Rodrigues (2017), Srivastava and Joshi. (2018),
and Wang and Yang (2016) validated the Jennex and Olfman (2006) model using
PLS-SEM. However, while the model was validated, there were weaknesses. There
has been much technological change and KM research since 2006 that caused this
weaker validation. It is expected that the last 10 years have brought tremendous
innovation to information technology and subsequently knowledge management.
Key technical innovations include social media, the cloud, software as a service,
mobile technologies, Internet 2.0 and collaborative technologies, unstructured data,
bigdata, the Internet of Things, artificial intelligence, and improved connectivity and
capacity. Additional emphasis on information managementissues such as governance,
risk and security management, leadership, innovation, business intelligence and
analytics, and strategy have gotten organizations thinking new processes and new
ways in managing, transferring, and utilizing data, information, and knowledge.
To keep the Jennex Olfman KM Success Model (2006) relevant and viable as a
tool for assisting researchers and practitioners in the creation and implementation
of KM systems and initiatives this paper proposes and tests changes in constructs
to the model.

This research is significant for two reasons. The firstis the increasing importance
and application of analytics in organizations. This paper incorporates analytics
into organizational knowledge management. The second reason is the impact of
adding KM and knowledge use as a formal part of organizational management
with the publication of ISO (International Standards Organization) 9001-2015.
ISO 9001 is the most widely applied quality management system, used by all sizes
of organizations in all countries to demonstrate they have a management system to
control the quality and consistency of products and services. Over one million ISO
9001 certificates are issued each year with each certificate usually needing to be
renewed within three years. All these organizations will need a KM program. This
paper updates the Jennex-Olfman KM success model so that it will be relevant for
use by organizations in designing, implementing, and measuring their KM initiatives
to support ISO 9001 certifications and re-certifications.
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