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Experimental Study on 
Boundary Constraints 

Handling in Particle Swarm 
Optimization from a Population 

Diversity Perspective

ABSTRACT

Premature convergence happens in Particle Swarm Optimization (PSO) for solving both multimodal 
problems and unimodal problems. With an improper boundary constraints handling method, particles 
may get “stuck in” the boundary. Premature convergence means that an algorithm has lost its ability of 
exploration. Population diversity is an effective way to monitor an algorithm’s ability of exploration and 
exploitation. Through the population diversity measurement, useful search information can be obtained. 
PSO with a different topology structure and a different boundary constraints handling strategy will have 
a different impact on particles’ exploration and exploitation ability. In this chapter, the phenomenon of 
particles getting “stuck in” the boundary in PSO is experimentally studied and reported. The authors 
observe the position diversity time-changing curves of PSOs with different topologies and different 
boundary constraints handling techniques, and analyze the impact of these settings on the algorithm’s 
abilities of exploration and exploitation. From these experimental studies, an algorithm’s abilities of 
exploration and exploitation can be observed and the search information obtained; therefore, more ef-
fective algorithms can be designed to solve problems.
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INTRODUCTION

Particle Swarm Optimization (PSO) was intro-
duced by Eberhart and Kennedy in 1995 (Eberhart 
& Kennedy, 1995; Kennedy & Eberhart, 1995). It is 
a population-based stochastic algorithm modeled 
on social behaviors observed in flocking birds. 
A particle flies through the search space with a 
velocity that is dynamically adjusted according to 
its own and its companion’s historical behaviors. 
Each particle’s position represents a solution to 
the problem. Particles tend to fly toward better and 
better search areas over the course of the search 
process (Eberhart & Shi, 2001).

Optimization, in general, is concerned with 
finding the “best available” solution(s) for a given 
problem. Optimization problems can be simply 
divided into unimodal problems and multimodal 
problems. As indicated by the name, a unimodal 
problem has only one optimum solution; on the 
contrary, a multimodal problem has several or 
numerous optimum solutions, of which many are 
local optimal solutions. Evolutionary optimiza-
tion algorithms are generally difficult to find the 
global optimum solutions for multimodal problems 
due to the possible occurrence of the premature 
convergence.

Most reported optimization methods are de-
signed to avoid premature convergence in solv-
ing multimodal problems (Blackwell & Bentley, 
2002). However, premature convergence also 
happens in solving unimodal problems when the 
algorithm has an improper boundary constraint 
handling method. For example, even for the most 
simplest benchmark function—Sphere, or termed 
as a Parabolic problem, which has a convex 
curve in each dimension, particles may “stick 
in” the boundary and the applied PSO algorithm 
therefore cannot find the global optimum at the 
end of its search process. With regards to this, 
premature convergence needs to be addressed 
in both unimodal and multimodal problems. 
Avoiding premature convergence is important in 
problem optimization, i.e., an algorithm should 

have a balance between fast convergence speed 
and the ability of “jumping out” of local optima.

Particles fly in the search space. If particles 
can easily get clustered together in a short time, 
particles will lose their “search potential.” Pre-
mature convergence means particles have a low 
possibility to explore new search areas. Although 
many methods were reported to be designed to 
avoid premature convergence (Chen & Montgom-
ery, 2011), these methods did not incorporate an 
effective way to measure the degree of premature 
convergence, in other words, the measurement of 
particles’ exploration / exploitation is still needed 
to be investigated. Shi and Eberhart gave several 
definitions on diversity measurement based on 
particles’ positions (Shi & Eberhart, 2008; Shi 
& Eberhart, 2009). Through diversity measure-
ments, useful exploration and / or exploitation 
search information can be obtained.

PSO is simple in concept and easy in imple-
mentation, however, there are still many issues that 
need to be considered (Kennedy, 2007). Bound-
ary constraint handling is one of them (Xu and 
Rahmat-Samii, 2007; Helwig, et al., 2013). In this 
chapter, different boundary constraints handling 
methods and their impacts are discussed. Position 
diversity will be measured and analyzed for PSO 
with different boundary constraints handle strate-
gies and different topology structures.

This chapter is organized as follows. Section 
Particle Swarm Optimization reviews the basic 
PSO algorithm, four different topology structures, 
and definitions of population diversities. Section 
Boundary Constraints Handling describes sev-
eral boundary constraints handling techniques, 
which includes the classic strategy, deterministic 
strategy, and stochastic strategy. Experiments are 
conducted in Section Experimental Study followed 
by analysis and discussion on the population di-
versity changing curves of PSOs with different 
boundary constraints handling methods and four 
kinds of topology structures. Finally, Section 
Conclusions concludes with some remarks and 
future research directions.



 

 

27 more pages are available in the full version of this document, which may

be purchased using the "Add to Cart" button on the publisher's webpage:

www.igi-global.com/chapter/experimental-study-on-boundary-constraints-

handling-in-particle-swarm-optimization-from-a-population-diversity-

perspective/115300

Related Content

Bidirectional Spreading Activation Method for Finding Human Diseases Relatedness Using Well-

Formed Disease Ontology
Said Fathallaand Yaman M. Khalid Kannot (2017). International Journal of Computers in Clinical Practice

(pp. 45-58).

www.irma-international.org/article/bidirectional-spreading-activation-method-for-finding-human-diseases-relatedness-

using-well-formed-disease-ontology/191184

Interactive Concept Discovery (INCOD)
 (2018). Concept Parsing Algorithms (CPA) for Textual Analysis and Discovery: Emerging Research and

Opportunities  (pp. 69-79).

www.irma-international.org/chapter/interactive-concept-discovery-incod/186509

Best Features Selection for Biomedical Data Classification Using Seven Spot Ladybird

Optimization Algorithm
Noria Bidiand Zakaria Elberrichi (2018). International Journal of Applied Metaheuristic Computing (pp. 75-

87).

www.irma-international.org/article/best-features-selection-for-biomedical-data-classification-using-seven-spot-ladybird-

optimization-algorithm/204494

Neuropsychological and Cognitive Control Deficits in Depression
Meenakshi Banerjee (2022). Bio-Inspired Algorithms and Devices for Treatment of Cognitive Diseases

Using Future Technologies (pp. 94-116).

www.irma-international.org/chapter/neuropsychological-and-cognitive-control-deficits-in-depression/298807

Fuzzy Cluster Analysis of Larger Data Sets
Roland Winkler, Frank Klawonn, Frank Höppnerand Rudolf Kruse (2010). Scalable Fuzzy Algorithms for

Data Management and Analysis: Methods and Design  (pp. 302-331).

www.irma-international.org/chapter/fuzzy-cluster-analysis-larger-data/38574

http://www.igi-global.com/chapter/experimental-study-on-boundary-constraints-handling-in-particle-swarm-optimization-from-a-population-diversity-perspective/115300
http://www.igi-global.com/chapter/experimental-study-on-boundary-constraints-handling-in-particle-swarm-optimization-from-a-population-diversity-perspective/115300
http://www.igi-global.com/chapter/experimental-study-on-boundary-constraints-handling-in-particle-swarm-optimization-from-a-population-diversity-perspective/115300
http://www.irma-international.org/article/bidirectional-spreading-activation-method-for-finding-human-diseases-relatedness-using-well-formed-disease-ontology/191184
http://www.irma-international.org/article/bidirectional-spreading-activation-method-for-finding-human-diseases-relatedness-using-well-formed-disease-ontology/191184
http://www.irma-international.org/chapter/interactive-concept-discovery-incod/186509
http://www.irma-international.org/article/best-features-selection-for-biomedical-data-classification-using-seven-spot-ladybird-optimization-algorithm/204494
http://www.irma-international.org/article/best-features-selection-for-biomedical-data-classification-using-seven-spot-ladybird-optimization-algorithm/204494
http://www.irma-international.org/chapter/neuropsychological-and-cognitive-control-deficits-in-depression/298807
http://www.irma-international.org/chapter/fuzzy-cluster-analysis-larger-data/38574

