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ABSTRACT

Textualinformationminingdealswithvariousinformationextractionmethodsthatcanbeevolved
fromtherapidgrowthoftextualinformationthroughhumanmachineinterfaceforanalyzingemotions
whicharetakenbyafacialexpression.Theproblemofemotionsintextisconcernedwiththefast
developmentofweb2.0documentsthatareassignedbyuserswithemotionlabels,namely:sadness,
surprise,happiness,empathy,anger,warmness,boredom,andamusement.Suchemotionscangive
anewcharacteristic fordocumentcategorization.Textual informationminingdealswithvarious
informationextractionmethodsthatcanevolvedfromtherapidgrowthoftextualinformationthrougha
humanmachineinterfaceforanalyzingemotions,whicharetakenbyafacialexpression.Theproblem
ofemotionsfromtextisconcernedwiththefastdevelopmentofweb2.0documentsthatareassigned
byuserswithemotionlabels.Suchemotionscangiveanewcharacteristicfordocumentcategorization.
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INTRoDUCTIoN

Knowledgediscoveryanddataminingisaniterativeprocess,whichisimplementedusingnumerous
proceduresteps.Theminingprocesswillbeemployed to thehugecorpus toextractmeaningful
informationfromrawdata.Thewebminingdatarepositorycontainssemistructuredorunstructured
textdocuments.Nowadays,webdocumentsandtheirOn-linelibraries,searchenginesandotherhuge
webdocumentrepositoriesaregrowingrapidlyasbecausesoftwareandhardwareintegrationinthe
entiredomainplaysasignificantroleandeaseuserinterface.Inthatmanualcategorizingofevery
documentsusingawebminingprocessbecomedifficultandcostly.Soastodealwiththeseissues,
automaticminingprocessisconsideredfororganizingandeasilybrowsingbyuseofcatalogsand
minimalhumaninterventionthroughmachineinteraction.

Themachinesupportedanalysisaredealingwiththeknowledgediscoveryprocess(Asha&Devi.
2012).Itutilizesdifferenttypesoftechniquesfrominformationextraction,informationretrievaland
alsonaturallanguageprocessingandlinksthemwiththemethodsandalgorithmsofdatamining,
KDD,statistics,andmachinelearning.Nowadays,everyonecanexpresstheiremotionsandoptions
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easilythroughblogs,microblogs,newsportals,andtheybecomeboththespeakersandlisteners.
Focusingon thesehugeamount information,publicemotionscanbedetectedautomaticallyfrom
onlinedocumentsbasedon the suggestion isemerging recently.Mostof the studiesonemotion
analysisfirstfocusonthewriter’sperspective.Classifiedmoviereviewsintopositiveandnegative
emotions, thesubjectivityofadjectivephraseswithemotionalcategoriesKavita (2012).Beyond
binaryclassification,classifiedblogpostsinto37emotionclasses.

Fromthesedatamodelingperspective,theproposedworkfocusesontheissuesoftheunstructured
P.AnanthiandR.Manivannan(2015)datasetsanddeliberatedamethodwhichemploysthedata
miningapproachtothedomainofthetextualinformation.Themainaimistoeffectivelyextract
theemotionalcontentoftextsinhugeamountofwebcontentanddocumentscollectedfromonline
contentandclassifiestheemotionalcontentoftextinformationusingFuzzyInferenceSystem(FIS)
andtheemotionsaretakenbyafacialexpressionthroughmachineinterface.SupportVectorMachine
(SVM)isusedtoreducedfeaturesfortheclassificationprocess.Thisprocessmaybehelpofonline
userstogettheirrelateddocumentsbasedontheiremotionalpreferences.

RELATED WoRK

Nowadays,peopleareverymuchawarewithonlinecommunicationandinclinetoexpresstheirfeelings
ontheweb.Consideringthissituation,theauthorTimLi(2008)presentahybridsystembasedon
efficientlyminingemotionaldistressinclinationsfrompubliclyavailableblogs.Thisblogisusedto
identifyrequiredpeoplesoastogivetimelypromoteandinterventionbetterpublichealth.Inthis
proposedsystemalsodescribeahandcraftedmodelwhichincludeshumanjudgmentandfacilitates
theadjustmentoftheforecastinmachinelearningonblogcontent.

Topresentthewrittentextweacquirevariedwritingstyleslikeinformalandformal.Generally
asmallbitoftextcanexpresslotsofemotionalconditions,spiritsorthoughtsbymeansoflinguistic
andwords.Inordertoextractthetextemotionsdifferenttechniquesandapproachesareutilizedin
themeadowofOpinionMiningandSentimentAnalysis.InpaperJasleenKaur,JatinderkumarSaini
(2009)authoranalyzedtheFormalandInformaltextpiecesinthemeadowofOpinionMiningand
Sentiment Analysis in universal languages. To analyze author considered 8 universal languages
(English,Chinese,Arabic,Malaysian,Spanish,Turkish,Persian,Korean)formalandinformaltext
fromthepoetry,poems,thesisanddocuments,etc.,andalso4featureselectionparameters(IG,TF-IDF,
n-gram,MIandMMI).TheresultsshowedthatArabianlanguagehasmaximumperformanceand
accuracyinthefieldofopinionMining.FromtheexperimentedresultsbetweentheIGandTF-IDF,
parameters,IGperformanceishigherthanallothers.

InBaoetal.(2012)authorconcernedwiththeissueofminingsocialemotionsfromtext.In
recenttimes,thefastgrowthofweb2.0websitesanddocumentsisassignedbysocialwebsiteusers
withemotionlabelslikesadness,surpriseandhappinessthroughmachineinterface.Theseemotions
cangiveanovelcharacteristicfordocumentclassification,andsohelponlineuserstopredictrelated
documentsbasedon their emotionalpreferences.Themaingoalof thispaper is todiscover the
linksbetweenaffectivetermsandsocialemotionsonwhichpredictthesocialemotionfromthetext
content.Particularly,ajointemotiontopicmodelbyexpandingLatentDirichletAllocationisused
foremotionmodeling.Initially,createasetoflatenttopicsfromemotion,thenittrailedbycreating
sentimentaltermsfromeachtopic.

Estimatingthespeaker’semotionisoneofthechallengingtasksinspeechtechnology.Mostofthe
existingmethodsconcentrateeitherontextfeaturesoraudio.Thus,inJasmineBhaskar(2015)author
proposesanovelmethodforemotionclassificationofaudioconversationdependonbothtextand
speech.Thenoveltyinthismethodisincreatingthesinglefeaturevectorforclassificationandfeature
selection.Themaincontributingonthispaperistoenhancetheaccuracyofemotionclassification
ofspeechinlightofbothtextandaudiofeatures.Thetypicalmethods,forexampleSupportVector
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