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ABSTRACT

Becomingadata-drivenorganization isavisionforseveralorganizations. Ithasbeenfrequently
mentioned in the literature that data-driven organizations are likely to be more successful than
organizationsthatmostlymakedecisionsongutfeeling.However,feworganizationsmakeasuccessful
shifttobecomedata-driven,duetoanumberofdifferenttypesofbarriers.Thisarticleinvestigates,
theinitialjourneytobecomeadata-drivenorganizationfor13organizations.Datahasbeencollected
viadocumentsandinterviews,andthenanalyzedwithrespectto:i)howtheyscaleduptheusage
ofanalyticstobecomedata-driven;ii)strategiesdeveloped;iii)barriersencountered;andiv)usage
ofanoverallchangeprocess.Thefindingsarethatmostorganizationsstarttheirjourneyviaapilot
project,takeshortcutswhendevelopingstrategies,encounterpreviouslyreportedtopbarriers,and
donotuseanoverallchangemanagementprocess.
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1. INTRODUCTION

Severalorganizationshaveavisiontobecomedata-driven(Davenport&Bean,2018;Halper&Stodder,
2017;Watson,2016),sincethosetypeoforganizationsarelikelytocapitalizeonbusinessinsights
morefrequentlythanorganizationsthatarenotdata-driven(LaValle,Lesser,Shockley,Hopkins,&
Kruschwitz,2011).HalperandStodder(2017)classifyanorganizationasdata-driven“whenituses
dataandanalysistohelpdriveaction—evenifthatactionisadeliberateinaction.”Intheory,data-
drivenorganizationscanapplydata-drivendecisionsforalltypesofanalytics(descriptive,predictive,
prescriptive),andalltypesofdecisions(operational,tactical,strategical).Inpractice,weassumethat
mostorganizationsaimforasubsetofcombinationsofanalyticsanddecisions.

Managershavetakenseveralstepstoinitiatetransformationstoadata-drivenorganization,by
introducingmantrassuchas-businessinsightsarebasedondataandnotopinions-intostrategy
documents,held largekick-offevents, educatedemployees inSelf-ServiceBusiness Intelligence
(SSBI) tools,andhireddatascientistsandAI-programmers.Despite thesegoodintentions,most
oftheorganizationsstillstruggleandfewofthemseemtoreachtheirvision.Intworecentsurveys
(Bean&Davenport,2019;Halper&Stodder,2017)roughly30%oftheorganizationshadmadea
successfulshifttobedatadriven.Theotherorganizationsstruggledwiththeirbarriersorhadnot
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startedtomovetowardsadata-drivenculture.AccordingtoHalperandStodder(2017),thebiggest
barriertobeingdata-drivenwas“lackofbusinessexecutivesupport/corporatestrategy”(42%of264
respondents),andthemostfrequentlymentionedstepmanagerstooktodevelopadata-drivenculture
was“makethecasetocorporateleadershiptoinvestinBIandanalytics”(57%of230respondents).
Inresponsetothelowshareoforganizationsthatmakeasuccessfulshifttobecomedata-driven,
Davenport and Bean (2018) suggested that organizations “… need more concerted programs to
achievedata-relatedculturalchange”.

Change management (Moran & Brightman, 2001; Todnem By, 2005) has previously been
identifiedasasuccessfactorfor implementingbusiness intelligencesystems(Olszak&Ziemba,
2012;Pham,Mai,Misra,Crawford,&Soto,2016;Yeoh&Koronios,2010).Astheareaofbusiness
intelligenceiscloselyrelatedtodata-drivenorganizationsandanalytics,changemanagementhasalso
beensuggestedintheliterature(Berndtsson,Forsberg,Stein,&Svahn,2018;Forbes-Insights&EY,
2015)asanenablerforestablishingadata-drivenorganization.Inasurveyof564seniorexecutives,
conductedbyForbesInsightandEY,59%of therespondents thatconsideredthemselvesas top-
performing,claimedthatchangemanagementwas“extremelyimportant”totheorganizations’overall
analyticsinitiative(Forbes-Insights&EY,2015).Hence,changemanagementhasanimportantrole
toplaywhenorganizationsintendtoscaleuptheirusageofanalytics.However,noneofthesources
provideanydetailsonhowsucharoadmaporprogram,inspiredbychangemanagementmaylooklike.

Theobjectiveofthispaperistoinvestigatehow13organizationsstartedtheirjourneystowards
becomingdata-driven,givenpreviouslyreportedbarriersandpotentialusageofchangemanagement
asanenabler.ThispaperisalsoaresponsetotherecommendationbyArnottandPervan(2014),
toincreasetheusageofcasestudieswithinthefieldofdecisionsupportsystems,asanapproachto
improvetherelevanceofconductedresearch.

Intheremainderofthispaper,wepresentabriefintroductiontodata-drivenorganizationsand
relatedbarriers.Thereafter,wepresentourresearchapproach.Inthesucceedingsections,wepresent
ourfindings.Finally,relatedworkandconclusionsarepresented.

2. BACKGROUND

2.1 Data-Driven Organizations
Theconceptofcollectingandanalyzingdatainthecontextofanorganizationisnotnew.According
to Power (2007), the implementation of computerized Decision Support Systems (DSS) can be
tracedbacktothemid-1960s.AgenealogyfortheDSSfieldfor1960–2010isprovidedin(Arnott
&Pervan,2014),andasofthe2010s,thereweretwoareasintheDSSfieldthatreceivedmuch
attention: knowledge management-based DSS, and business analytics. The former field has its
rootsinknowledgemanagement,organizationallearning,andAI.Thelatterareaisrootedindata
warehousing,databasetheory,negotiationsupportsystems,andgroupsupportsystems.Asdecisions
indata-drivenorganizationscanspanall typesofanalytics(descriptive,predictive,prescriptive),
data-drivenorganizationshaveaDSSthatoverlapsbothknowledgemanagement-basedDSS,and
businessanalytics.

Sampledefinitionsofdata-drivenorganizationsanddata-drivenculturesareprovidedinTable
1.Whatiscommonamongthesesampledefinitions,isthattheyallshareanunderpinningprocessof
i)collectdata,ii)useanalyticstoderiveinsights,andiii)makeadecisionbasedonderivedinsights.

McAfeeandBrynjolfsson(2012)investigated330companiesanddiscovered:

The more companies characterized themselves as data-driven, the better they performed on objective 
measures of financial and operational results. In particular, companies in the top third of their 
industry in the use of data-driven decision making were, on average, 5% more productive and 6% 
more profitable than their competitors.
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