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I ntroduction

Banking haschanged rapidly over thelast decadesdueto the
ability to capturemassivedatasetseasily and theavailability of new
toolsfor analysis. The new, commonly used expressionsto de-
scribethese phenomenaare datawarehousing and datamining.

Thechangeshavetransformed traditional banking activities
such as extending loans and given birth to new businesses. For
example, thecredit card businesswould simply not exist today, or
notintoday’ sform, without the use of high powered computersand
new statistical methods.

In thischapter, we will discuss afew areas of thisvast and
important phenomenon, followingtheoutlinepresented. Wewill be
focusing on corporatelending, although datamining permeatesall
aspectsof today’ sbanking. Some aspectsof thecorporatelending
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discussion are based on Citigroup’ sown practices, and therest of
the subject will be based on practicesgenerictotheindustry.
Thechapter outlineisasfollows:
1. Traditional Lending
1.1 Corporate Lending
1.2 Consumer Lending
2. CreditCardAdctivities

Traditional Lendingand Cor por ations

Introduction to Risk Assessment

Oneof thekey areasin bankingiscorporatelending, inwhich
abank loansmoney to acompany for aset period of timeat agiven
interest rate. The decision to make a loan is not easy. All
companies are exposed to various situations, such asrising and
fallinginterest rates, economic/businesscycles, industry cycles,
and soforth, whichwill affect thelikelihood that the company may
not repay theloan at theagreed uponterms. Traditionally, banks
havefocusedtheir analysison assessing thisrisk of non-repayment
— or default — on the loan. Increasingly, however, banks are
realizing (and trying to measure) asecond, yet equally important
part of the credit risk that the bank takes on when lending to a
variety of obligors—thelossesincurredif thereisadefault.

Theimportance of measuring and understanding credit risk —
boththelikelihood of default andlossincurredif thereisadefault
— isvital tothe banks’ decision-making processes. Credit risk
factorsintoavariety of aspectsof thebanks’ business, such ashow
they identify their risk appetite and choosetheir customer base,
how they market different loan productsto different customers
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