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ABSTRACT

An increasing number of organizations are struggling to overcome “information
paralysis’ —thereis so much data available that it is difficult to understand what is
and is not relevant. In addition, managerial intuition and instinct are more prevalent
than hard facts in driving organizational decisions. Organizational Data Mining
(ODM) is defined as leveraging data mining tools and technologies to enhance the
decision-making process by transforming data into val uabl e and actionabl e knowl edge
to gain a competitive advantage (Nemati & Barko, 2001). The fundamentals of ODM
can becategorizedintothreefields: Artificial Intelligence (Al), Information Technology
(IT), and Organizational Theory (OT), with OT being the core differentiator between
ODM and data mining. We take a brief look at the current status of ODM research and
how a sampl e of or gani zationsisbenefiting. Next we examinethe evol ution of ODM and
conclude our chapter by contemplating its challenging yet opportunistic future.
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SETTING THE STAGE

The competitiveness of the new global economy requires immediate decision
capability. A recent study of more than 800 U.S. business decision-makers found that
most respondents are making more decisionsin the same amount of timebut are missing
opportunities because their decisions are not made quickly enough. In addition, these
decision makersarenot fully utilizing availabl e resources and are often unableto gather
sufficientinformation to makeafact-based decision (Wessel, 2002). Theamount of data
availabletoday isdoubling every fiveyears, and corporate Americaisableto utilizeless
than 7 percent of theinformationit manages (Anonymous, 2001). ResearchfromIBM also
revealed that organizations use less than 1 percent of their data for analysis (Brown,
2002). Asnoted in the preface, thisisthe fundamental irony of the Information Agewe
live in — organizations possess enormous business information, yet have so little real
business knowledge.

Inthepast, companieshave struggled to make decisionsbecause of thelack of data.
Butinthecurrent environment, more and moreorganizationsarestrugglingto overcome
“information paralysis’ —thereissomuch dataavailablethat itisdifficult to determine
what isrelevant. Organizationstoday routinely collect and manage terabytes of datain
their databases, thereby making information paralysis a key challenge in enterprise
decision-making. Once the essential data elements are identified, the data must be
reformatted, processed and analyzed to generate knowledge. The resulting knowledge
is then delivered to the decision makers for collaboration, review and action. Once
decided upon, the final decision must be communicated to the appropriate partiesin a
rapid, efficient and cost-effective manner.

ORGANIZATIONAL DATA MINING

Themanner inwhich organizations executethisintricate decision-making process
iscritical totheir well-being andindustry competitiveness. Those organizations making
swift, fact-based decisionsby optimally leveraging their dataresourceswill outperform
those organizations that do not. A robust technology that facilitates this process of
optimal decision-makingisODM, which isdefined asleveraging datamining toolsand
technol ogiesto enhance the decision-making processby transforming datainto valuable
and actionableknowledgeto gain acompetitiveadvantage (Nemati & Barko, 2001). ODM
eliminates the guesswork that permeates so much of corporate decision-making. By
adopting ODM, an organization’ smanagers and empl oyees are abl e to act sooner rather
than later, be proactive rather than reactive and know rather than guess.

ODM spansawide array of technologies, including, but not limited to, e-business
intelligence, dataanalysis, online anal ytical processing (OLAP), customer relationship
management (CRM), electronic CRM (e-CRM), executive information systems (EIS),
digital dashboards and information portals. ODM enables organizations to answer
guestions about the past (what has happened?), the present (what is happening?) and
thefuture (what might happen?). Armed withthiscapability, organizations can generate
valuable knowledge from their data, which in turn enhances enterprise decisions. This
decision-enhancing technology enables many advantagesin operations (faster product
development, increased market share with quicker timeto market, optimal supply chain
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