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ABSTRACT

Team collaborations generate rich collections of information that are valuable inputs
to the knowl edge management (KM) process. But such effectivenessis not guaranteed.
Team members may possesses consider able knowledge, but their tendency and ability
to contribute that knowledge — and transform it from a personal tacit resource that
has value only to them to an explicit resource that can have value to the team or
organization—isonlyapotential. Thischapter providesreaderswith anunderstanding
of the human dynamics of expert knowl edge exchange in therealm of virtual teamswho
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interact via computer-controlled communication (CMC). We present the research,
theory and the methodol ogies now in professional use to assess information exchange
potential for KM-related activities at the team level as well as from the per spective of
organizational culture.

INTRODUCTION

Datamining is an important part of KM for competitive advantage, and perhaps
currently the most powerful technology availablefor extracting useful information and
ultimately competitiveknowledgefrom organizational data. But the power of datamining
to achievethisendisnaturally constrained by the availability and suitability of the data
resourcestowhichitisapplied. A number of authors(e.g., Nonaka, 1994; Teece, 1998;
Spender, 1996) have stressed that competitive advantage through KM is realized by
identifying the valuable tacit knowledge possessed by organizational members and
making that knowledge explicit. Once made explicit, the knowledge can be mined,
organized, stored and, perhaps most importantly, shared throughout the organization to
spur innovation.

Dataminingistypically done once the tacit knowledge has been made explicit in
some form, for example as text files generated by a team of people collaborating on a
project (Leonard & Sensiper, 1998). Here, theroot source of thedatato beminedisinthe
mindsof the peoplewho areinteracting. Given thetremendous popularity of team-based
work inorganizationsaswell astheriseof virtual teams, theseteamsareanincreasingly
common organizational unit and can be viewed as a source of competitive advantage
throughtheir ability to quickly formwith often adiversegroup of expertsall collaborating
and sharing knowledgeto solve organizational problems. When effective, their collabo-
rations represent rich collections of information that through exchange have achieved
alevel of unique synergy and problem-solving effectiveness (Cooke & Szumal, 1994,
Potter, Balthazard & Cooke, 2000). Accordingly, suchinteractionsare valuableinputs
to the KM process.

But effectivenessis not guaranteed. Although the amount (and value) of knowl-
edge that any of the team member possesses may be considerable, their tendency and
ability to contribute that knowledge — and transform it from a personal tacit resource
that has value only to them to an explicit resource that can have value to the team and
the organization — is best understood as a potential. When viewed in this way, the
success of datamining and other aspects of KM is, by extension, also only a potential,
and not a given.

This chapter provides readers with an understanding of the human dynamics of
expert knowledge exchange. First we describe how groupsand teamsexhibit interaction
styles— patterns of communication behavior that have profound effects on knowledge
exchange, group problem-solving and decision-making performance, and process out-
comes, such as solution acceptance and team cohesiveness. Second, we present an
overview of research that extendsthis areainto the realm of virtual teamswho interact
viaCMC. Weprovide an introduction to our methodol ogiesand tools, aswell asresults
that detail (a) how interaction stylesaffect knowledge exchangeand performancein both
media; (b) how expert knowledgeislinked to performance viathe interaction style; (c)
how individual team members’ personalities can drive the formation of constructive or

Copyright © 2004, Idea Group Inc. Copying or distributing in print or electronic forms without written
permission of Idea Group Inc. is prohibited.



11 more pages are available in the full version of this
document, which may be purchased using the "Add to Cart"
button on the publisher's webpage: www.igi-
global.com/chapter/knowledge-exchange-organizations-
potential-not/27909

Related Content

Approaches for Pattern Discovery Using Sequential Data Mining
Manish Guptaand Jiawei Han (2013). Data Mining: Concepts, Methodologies, Tools,
and Applications (pp. 1835-1851).

www.irma-international.org/chapter/approaches-pattern-discovery-using-sequential/73525

An Experimental Approach and Monitoring Tools for Evaluating a Dynamic
Cubing System

Anne Tchounikine, Maryvonne Miqueland Usman Ahmed (2016). International
Journal of Data Warehousing and Mining (pp. 1-19).

www.irma-international.org/article/an-experimental-approach-and-monitoring-tools-for-

evaluating-a-dynamic-cubing-system/171117

Robust Classification Based on Correlations Between Attributes
Alexandros Nanopoulos, Apostolos N. Papadopoulos, Yannis Manolopoulosand
Tatjana Welzer-Druzovec (2007). International Journal of Data Warehousing and
Mining (pp. 14-27).

www.irma-international.org/article/robust-classification-based-correlations-between/1787

Parallel Computing for Mining Association Rules in Distributed P2P Networks
Huiwei Guan (2013). Data Mining: Concepts, Methodologies, Tools, and Applications
(pp. 107-124).

www.irma-international.org/chapter/parallel-computing-mining-association-rules/73436

Automated Diagnostics of Coronary Artery Disease: Long-term Results and
Recent Advancements

Matjaz Kukar, lgor Kononenkoand Ciril GroSelj (2013). Data Mining: Concepts,
Methodologies, Tools, and Applications (pp. 1043-1063).
www.irma-international.org/chapter/automated-diagnostics-coronary-artery-disease/73483



http://www.igi-global.com/chapter/knowledge-exchange-organizations-potential-not/27909
http://www.igi-global.com/chapter/knowledge-exchange-organizations-potential-not/27909
http://www.igi-global.com/chapter/knowledge-exchange-organizations-potential-not/27909
http://www.irma-international.org/chapter/approaches-pattern-discovery-using-sequential/73525
http://www.irma-international.org/article/an-experimental-approach-and-monitoring-tools-for-evaluating-a-dynamic-cubing-system/171117
http://www.irma-international.org/article/an-experimental-approach-and-monitoring-tools-for-evaluating-a-dynamic-cubing-system/171117
http://www.irma-international.org/article/robust-classification-based-correlations-between/1787
http://www.irma-international.org/chapter/parallel-computing-mining-association-rules/73436
http://www.irma-international.org/chapter/automated-diagnostics-coronary-artery-disease/73483

