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ABSTRACT

The Google Play Store is one of the most well-known and widely used Android app stores. On the Play 
Store, there is a lot of new information not only by the developers of the programme but also by the 
users who provide reviews and ratings. All of this information may be used to provide valuable insight 
into app popularity, which can be quite beneficial to app creators. The authors used a Google Play 
Store raw data collection from the Kaggle website. The data set includes a variety of features that can 
be used to forecast app success. Many classifier models are used to predict the popularity of apps in 
this study and determined which one give the best results. In the classification model, user reviews are 
added as a numerical feature. This feature has been found to considerably improve classification ac-
curacy. Surprisingly the social aspects have a significant impact on the popularity of an app are also 
considered in this study.

INTRODUCTION

With around 5 million apps, the Google Play Store is said to be the world’s largest digital distribution 
channel for Android apps. User given ratings and reviews are crucial for the feedback and favourable 
ratings entice people to become more interested in the items or services. In the Google Play Store, the 
majority of apps have received higher ratings, instilling trust in users. However, one of the key reasons 
for their success is that approximately 81 percent of the apps are free.
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People have been starting to use mobile phones more and more over the years, which is another reason 
why the app development industry is seeing immense success. With all this data available in the Google 
Play Store, there is enormous scope for data related research.

This word contains feature extraction from a longitudinal app analysis in this study to determine 
whether an app will be successful or not. Data extraction, data cleaning, data visualization, feature 
extraction, and prediction utilizing various models are the five steps of our analysis. To begin with, we 
extract the data from the Kaggle website and do the necessary cleaning. After this process, and visualize 
this dataset using various plots to better understand it. The feature extraction stage is the next critical 
step in determining which features assist us in predicting the app’s popularity. Finally, several classifica-
tion algorithms are applied to the dataset to evaluate which algorithm or machine learning model gives 
the highest percentage of accuracy (Chowdhary, 2011; Chowdhary & Channi, 2021). Finally, there is a 
discussion on the reasons for the highest accuracy.

Huge amounts of data get added to the app stores everyday. This includes not only the information 
about a given app contributed by the developers, but also the reviews and ratings contributed by users. It 
is quite interesting to conduct analysis on this data as it can give important insight about the popularity 
of an app launched on the play store. This kind of analysis was seen in the following studies.

In their study, Businge et al. (2019) and others observed that not only social but also technical factors 
played a major role in determining an app’s popularity. They tried to find relationships between the code 
available on GitHub for these apps and the ratings available for these apps. It was, however, observed 
that these technical factors had little role in the prediction of App popularity. The ratings available in 
the Google Play Store still play a major role in evaluating the success of the app. Overall, it was con-
cluded in this study that the available social factors are a much better feature for App prediction than 
the technicalities of an App.

In other different kinds of studies done by researchers, including the one by Monett & Stolte (2016), 
they try to evaluate different prediction models available for predicting App success. These models, how-
ever, use the user response available in the form of rating out of 5 from the available dataset of customer 
reviews of mobile apps. This numeric attribute plays a major role in determining App success. These 
prediction models use ratings with other attributes available in the dataset to make predictions for App 
success. All of these studies have revealed a key conclusion - rating out of 5 is an important feature and is 
also closely related to user reviews as observed in performing the sentiment analysis of these textual data.

This work categorized as follows: Chapter 1 discussed about the Introduction about the problem 
motivation, problem statement, Literature survey with various National and Internation publications 
related to the problem statement are discussed in the Chapter 2. Chapter 3 introduces about the different 
algorithms used in the work and Chapter 4 elaborates about the system architecture used in this work.
Chapter 5 discuss about the implementation like preprocessing, feature extraction, prediction, sentiment 
analysis and Chapter 6 deals with result and discussion of the implementation. Chapter 7 describes about 
the conclusion.

LITERATURE SURVEY

Sentiment Analysis is an important attribute as it gives more insight into customer behaviour and a sub-
jective review of the customer to the App (Philip et al., 2003). Similar to this work, was the work done 
by Suresh and others (Chumwatana, 2015; Suresh & Urolagin, 2020; Kumari & Singh, 2016; Hanyang, 
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