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ABSTRACT

Gait patterns of the elderly are often adjusted to accommodate for reduced function in
the balance control system. Recent work has demonstrated the effectiveness of artificial
neural network (ANN) modeling in mapping gait measurements onto descriptions of
whole body motion during locomotion. Accurate risk assessment is necessary for
reducing incidence of falls. Further development of the balance estimation model has
been used to test the feasibility of detecting balance impairment using tasks of sample
categorization and falls risk estimation. Model design included an ANN and a
statistical discrimination method. Sample categorization results reached accuracy of
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0.89. Relative risk was frequently assessed at high or very high risk for experiencing
falls in a sample of balance impaired older adults. The current model shows potential
for detecting balance impairment and estimating falls risk, thereby indicating the need
for referral for falls prevention intervention.

INTRODUCTION

In the last 20 years, artificial neural network (ANN) modeling has been used in
various applications of disease classification and diagnosis. Recent research has used
ANN theory to classify gait patterns (Barton & Lees, 1997; Gioftsos & Grieve, 1995;
Holzreiter & Kohle, 1993), estimate dynamic balance control (Hahn, Farley, Lin, & Chou,
2005), and provide diagnostic classification of falls risk (Hahn & Chou, 2005). These most
recent efforts have relied on simple three-layer, back-propagation networks and statis-
tical discrimination models. The objective of this chapter is to provide examples of
recently successful application of ANN theory in the classification of gait patterns,
estimation of dynamic balance control, and diagnostic classification of relative falls risk
in the elderly.

BACKGROUND

Traumatic falls in the elderly are prevalent, debilitating and costly, with over 35%
of the elderly population experiencing falls (Coogler, 1992) and approximately $20.2
billion spent in treatment each year (American Academy of Orthopaedic Surgeons
[AAOS], 1998). Accurate assessment of the risk of falls is critical to reducing the
incidence of falls. As humans age, gait patterns are known to adjust, accommodating for
reduced function in the balance control system and a general reduction in skeletal muscle
strength (Fiatarone and Evans, 1993; Grimby and Saltin, 1983). The temporal-distance (T-
D) measures of gait (gait velocity, stride length, stride time, step width) have been used
in evaluation of overall function and determination of gait dysfunction in the elderly
(Elble, Thomas, Higgins, & Colliver, 1991; Ferrandez, Pailhous, & Durup, 1990; Heitmann,
Gossman, Shaddeau, & Jackson, 1989; Judge, Davis, & Ounpuu, 1996; Leiper & Craik,
1991; Maki, 1997; Menz, Lord, & Fitzpatrick, 2003). These studies showed that while T-
D measures of gait do provide an overall impression of walking performance, there is
substantial inter-subject variability in the measures. Such variability may contribute to
alack ofpower in accurately predicting the risk of falling in the elderly. The effect ofaging
on muscle activation and strength in the elderly has been shown to result in higher
electromyographic (EMG) signal amplitudes during gait (Finley, Cody, & Finizie, 1969;
Shiavi, 1985). However, the resulting force production in aged subjects is highly variable
(Galganski, Fuglevand & Enoka, 1993; Grabiner & Enoka, 1995). No previous studies have
examined the effect of T-D parameters and EMG activity on control of whole body
stability.

Many studies have attempted to predict falls prospectively, with varying results.
Previous studies (Maki, Holliday, & Topper, 1994; Topper, Maki, & Holliday, 1993)used
measures of static posturography to indicate risk of falls. Results from their work showed
that control of medio-lateral sway may be a strong predictor of falls in the elderly. Another

Copyright © 2006, Idea Group Inc. Copying or distributing in print or electronic forms without written
permission of Idea Group Inc. is prohibited.



24 more pages are available in the full version of this document, which
may be purchased using the "Add to Cart" button on the publisher's
webpage: www.igi-global.com/chapter/neural-network-models-estimation-
balance/6812

Related Content

Methods and Perspectives in Face Tracking Based on Human Perception

Vittoria Bruniand Domenico Vitulano (2014). Face Recognition in Adverse Conditions (pp. 289-315).
www.irma-international.org/chapter/methods-and-perspectives-in-face-tracking-based-on-human-
perception/106988

The MobiFall Dataset: Fall Detection and Classification with a Smartphone

George Vavoulas, Matthew Pediaditis, Charikleia Chatzaki, Emmanouil G. Spanakisand Manolis
Tsiknakis (2014). International Journal of Monitoring and Surveillance Technologies Research (pp. 44-
56).

www.irma-international.org/article/the-mobifall-dataset/116732

Fast Medical Image Segmentation Using Energy-Based Method

Ramgopal Kashyapand Pratima Gautam (2017). Biometrics: Concepts, Methodologies, Tools, and
Applications (pp. 1017-1042).
www.irma-international.org/chapter/fast-medical-image-segmentation-using-energy-based-method/164637

Web and Mobile Phone Based Rabies Surveillance System for Humans and Animals in
Kilosa District, Tanzania

Maulilio J. Kipanyula, Anna M. Geofrey, Kadeghe G. Fue, Malongo R.S. Mlozi, Siza D. Tumbo, Ruth
Haugand Camilius A. Sanga (2017). Biometrics: Concepts, Methodologies, Tools, and Applications
(pp. 559-572).
www.irma-international.org/chapter/web-and-mobile-phone-based-rabies-surveillance-system-for-humans-and-

animals-in-kilosa-district-tanzania/164619

Design and Performance Evaluation of the SCAN Secure Processor

Raghudeep Kannavaraand Nikolaos Bourbakis (2015). International Journal of Monitoring and
Surveillance Technologies Research (pp. 68-91).
www.irma-international.org/article/design-and-performance-evaluation-of-the-scan-secure-processor/146246



http://www.igi-global.com/chapter/neural-network-models-estimation-balance/6812
http://www.igi-global.com/chapter/neural-network-models-estimation-balance/6812
http://www.irma-international.org/chapter/methods-and-perspectives-in-face-tracking-based-on-human-perception/106988
http://www.irma-international.org/chapter/methods-and-perspectives-in-face-tracking-based-on-human-perception/106988
http://www.irma-international.org/article/the-mobifall-dataset/116732
http://www.irma-international.org/chapter/fast-medical-image-segmentation-using-energy-based-method/164637
http://www.irma-international.org/chapter/web-and-mobile-phone-based-rabies-surveillance-system-for-humans-and-animals-in-kilosa-district-tanzania/164619
http://www.irma-international.org/chapter/web-and-mobile-phone-based-rabies-surveillance-system-for-humans-and-animals-in-kilosa-district-tanzania/164619
http://www.irma-international.org/article/design-and-performance-evaluation-of-the-scan-secure-processor/146246

