
316

Copyright © 2013, IGI Global. Copying or distributing in print or electronic forms without written permission of IGI Global is prohibited.

Chapter  17

INTRODUCTION

Nowadays organizations have to evaluate their 
competitive environment, collecting and analyz-
ing external information. This information may 
be collected from different sources. Among these, 
Internet is an easy and broad source of informa-
tion. In this way, organizations and people are 
measuring the public opinion (repercussion) 

about facts related to their market or actions by 
analyzing information published in the Internet. 
One example is the analysis of news. News are 
formal sources while there are other many ways 
for people externalizing their opinions in informal 
sources, like blogs, forums, twitter, communities 
and social networks. For organizations, it is im-
portant to identify the main informal actors, their 
sentiment about the facts and how they influence 
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ABSTRACT

This chapter presents a software tool that helps the Competitive Intelligence process by collecting and 
analyzing texts published on the Internet. The goal is to automatically analyze indicators of the senti-
ment present in texts about a certain theme, whether positive or negative. The sentiment analysis is made 
through a probabilistic process over keywords present in the texts, using as reference a task ontology 
with positive and negative words defined with a degree of confidence.
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other people. However, the success depends on the 
capacity and velocity of collecting, selecting, and 
analyzing information that can lead to strategic 
and valuable decisions.

This work presents a software tool that helps 
people and organizations in collecting and ana-
lyzing texts published in the Web about certain 
subjects. From a given theme (represented by 
keywords), texts are collect in different sources 
as blogs, news, websites and twitter. After that, 
the tool performs a sentiment analysis over the 
texts, that is, it analyzes keywords present in the 
text and compares with a task ontology in order 
to identify indicators of positive or negative sen-
timent. Using a probabilistic reasoning process, 
the tool determines the main sentiment of the 
text (whether positive, negative, or neutral). The 
tool also allows selecting the kind of source to be 
analyzed (or all kinds).

This chapter is structured as follows. Section 
2 presents some related work about sentiment 
analysis. Section 3 presents the software tool, its 
functionalities, methods, and techniques. Section 
4 describes the process of creating the task ontol-
ogy for the purpose of sentiment analysis, besides 
explaining the structure of the task ontology if 
one wishing to apply it on other subject. Section 
4 presents an experiment carried out with the 
tool and the evaluation of the process. Section 5 
finishes with concluding remarks and future work.

RELATED WORK

Automatic Sentiment Analysis is the analysis of 
affective states made by machines over documents 
written in natural language, based on emotion cat-
egories like positive and negative (Gregory, et al., 
2006). Other authors utilize synonyms as “opinion 
mining” (Pang & Lee, 2008). This kind of work 
is applied for analysis of customers´ satisfaction 

about products and services, for identification 
of attitudes on reports of employees and so on.

Ma et al. (2005) presents experiments with 
sentiment analysis over chat messages. Emotions 
are estimated based on keywords present in the 
text. The work of Genereux and Evans (2006) 
classifies weblogs according to their affective 
content, using a two-dimensional space with axes 
“positive or negative” and “active or passive.”

Godbole et al. (2007) assigns scores indicat-
ing positive or negative opinion to each distinct 
entity in texts from newspapers and blogs. They 
expand a small candidate list of positive and 
negative words into a sentiment dictionary using 
path-based analysis of synonyms and antonyms 
in WordNet.

Pang and Lee (2008) presents a survey about the 
main techniques used for opinion mining and sen-
timent analysis in texts, besides concerning other 
issues in this theme. They expose the difficulty of 
analyzing sentiments based only on words present 
in the text. They report an accuracy of 60% for 
the use of lists of keywords created by humans 
within a straightforward classification policy. In 
contrast, “word lists of the same size but chosen 
based on examination of the corpus’ statistics 
achieves almost 70% accuracy” and “applying 
machine learning techniques based on unigram 
models can achieve over 80% in accuracy.”

Ortony, Clore, and Colins (Ortony, et al., 1988) 
presents a psychological and cognitive model of 
emotions, containing emotions resulting from the 
description of cognitive processes and real world 
interpretations by a human subject. The model 
contains 22 kinds of emotions: “happy for,” “re-
sentment,” “gloating,” “pity,” “joy,” “distress,” 
“pride,” “shame,” “admiration,” “reproach,” 
“love,” “hate,” “hope,” “fear,” “satisfaction,” 
“fears-confirmed,” “relief,” “disappointment,” 
“gratification,” “remorse,” “gratitude,” and 
“anger.” Table 1 shows the emotions and their 
corresponding adjectives.



 

 

9 more pages are available in the full version of this document, which may be

purchased using the "Add to Cart" button on the publisher's webpage:

www.igi-global.com/chapter/automatic-sentiment-analysis-web-texts/71863

Related Content

A Lightweight Method of Knowledge Graph Convolution Network for Collaborative Filtering
Xin Zhangand Shaohua Kuang (2023). International Journal on Semantic Web and Information Systems

(pp. 1-21).

www.irma-international.org/article/a-lightweight-method-of-knowledge-graph-convolution-network-for-collaborative-

filtering/327353

Pattern Matching Techniques to Identify Syntactic Variations of Tags in Folksonomies
F. Echarte, J. J. Astrain, A. Córdobaand J. Villadangos (2009). Social Web Evolution: Integrating Semantic

Applications and Web 2.0 Technologies  (pp. 138-149).

www.irma-international.org/chapter/pattern-matching-techniques-identify-syntactic/29294

Classification of Code-Mixed Bilingual Phonetic Text Using Sentiment Analysis
Shailendra Kumar Singhand Manoj Kumar Sachan (2021). International Journal on Semantic Web and

Information Systems (pp. 59-78).

www.irma-international.org/article/classification-of-code-mixed-bilingual-phonetic-text-using-sentiment-analysis/277082

Based on The Document-Link and Time-Clue Relationships Between Blog Posts to Improve the

Performance of Google Blog Search
Lin-Chih Chen (2019). International Journal on Semantic Web and Information Systems (pp. 52-75).

www.irma-international.org/article/based-on-the-document-link-and-time-clue-relationships-between-blog-posts-to-

improve-the-performance-of-google-blog-search/217012

Spintronics Based Non-Volatile MRAM for Intelligent Systems: Memory for Intelligent Systems

Design
Parul Sharma, Balwinder Rajand Sandeep Singh Gill (2022). International Journal on Semantic Web and

Information Systems (pp. 1-16).

www.irma-international.org/article/spintronics-based-non-volatile-mram-for-intelligent-systems/310056

http://www.igi-global.com/chapter/automatic-sentiment-analysis-web-texts/71863
http://www.irma-international.org/article/a-lightweight-method-of-knowledge-graph-convolution-network-for-collaborative-filtering/327353
http://www.irma-international.org/article/a-lightweight-method-of-knowledge-graph-convolution-network-for-collaborative-filtering/327353
http://www.irma-international.org/chapter/pattern-matching-techniques-identify-syntactic/29294
http://www.irma-international.org/article/classification-of-code-mixed-bilingual-phonetic-text-using-sentiment-analysis/277082
http://www.irma-international.org/article/based-on-the-document-link-and-time-clue-relationships-between-blog-posts-to-improve-the-performance-of-google-blog-search/217012
http://www.irma-international.org/article/based-on-the-document-link-and-time-clue-relationships-between-blog-posts-to-improve-the-performance-of-google-blog-search/217012
http://www.irma-international.org/article/spintronics-based-non-volatile-mram-for-intelligent-systems/310056

